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Thai Document Categorization with Radial Basis Function Network
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Abstract

This research presented Thai document categorization with Radial Basis
Function Network. The feature reduction of the document is done before
processing by machine learning. The experimental results showed that
reducing the feature by Chisquare method and process with Radial Basis
Function Network yielded a very high classification with the Accuracy
equal to 85.64 % and F-Measure equal to 85.80 % Data reduction
with Chisquare to reduce the size of the data to 93.11%.

Keywords: feature reduction, machine learning, text classification
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